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Introduction

This text makes extensive use of the Python 3 programming language, as 
well as a standard set of numerical and data visualization tools that are widely 
used in commercial applications, scientific experiments, and open-source 
projects. Python has attracted supporters from a wide range of professions 
that rely on data to draw conclusions. By learning Python, you will be joining a 
million-person community of software developers and data scientists. A Python 
programme can be run on any computer, regardless of its manufacturer or 
operating system, as long as the language is supported. Many pages on this 
site contain Python code [1-3] that can be run. We encourage you to run and 
experiment with this code to ensure that you understand what it is doing.

Clicking on the "Interact" links at the top of these pages is one way to do 
so. This will launch a cloud-based computer capable of running the code. You 
do not need to install anything on your computer because your web browser 
acts as an interface to that machine. Modern data analysis employs techniques 
from a variety of disciplines, including statistics and machine learning. Statistics 
is the body of knowledge that deals with drawing conclusions from incomplete 
data. In other words, statistics enables us to reason about data in the face of 
uncertainty. We will use statistical tools such as hypothesis testing and tools 
for predicting new data. We will take a different approach to statistical teaching 
because we are doing data science. Coding is at the heart of data analysis in 
data science. Coding provides us with a much more powerful set of tools than 
was previously available. This has significant implications not only for analysis 
but also for teaching. The advantages for analysis include the ability to obtain, 
clean, and analyse a much broader range of data. It becomes natural to extend 
our analytical methods to techniques based on computation, such as machine 
learning.

Description  

The advantages for teachers are twofold. The first advantage is our ability 
to analyse real-world data. Because our tools have more power and range, 
we can analyse real-world, messy data rather than cleaned-up toy datasets, 
so you'll be better prepared to analyse the real data you'll soon have to deal 
with in your education and work. Individuals who study data science are able 
to apply these techniques to their work, scientific endeavours, and personal 
decisions. Critical thinking has long been associated with rigorous education, 
but critiques are often most effective when backed up by data. Inductive 
reasoning is used in critical analysis of any aspect of the world, whether it is 
business or social science. Conclusions are rarely proven outright, but only 
supported by the available evidence. Data science allows you to make precise, 
dependable, and quantitative arguments about any set of observations. With 

unprecedented access to information and computing, critical thinking about 
any aspect of the world that can be measured would be insufficient without the 
inferential techniques at the heart of data science.

Computational tools are routinely used for gene characterization, protein 
structural and physiochemical properties determination, phylogenetic analyses, 
and simulations to study how biomolecules interact in a living cell. Although 
these tools cannot generate information as reliable as experimentation, which 
is costly, time consuming, and tedious, in silico analyses can still help to make 
an informed decision about whether or not to conduct a costly experiment. 
A druggable molecule, for example, must have certain ADMET (absorption, 
distribution, metabolism, excretion, and toxicity) properties in order to pass 
clinical trials. If a substance does it is likely that it will be rejected if it lacks the 
required ADMETs [4,5] To avoid such failures, various bioinformatics tools for 
predicting ADMET properties have been developed, allowing researchers to 
screen a large number of compounds to select the most druggable molecule 
before launching clinical trials. 

Conclusion

Previously, a number of reviews on various specialised aspects 
of bioinformatics were written. However, none of these articles make it 
appropriate for a scientist who is not involved in computational biology. Here, 
we take advantage of the opportunity to introduce various bioinformatics tools 
to a non-specialist reader in order to assist him or her in extracting useful 
information about his or her project. As a result, we focused only on areas 
where these tools could be extremely useful in extracting useful information 
from biological data.
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